Learning Search Space Partition for Black Box Optimization
using Monte Carlo Tree Search

facebook research

@
Linnan Wang Rodrigo Fonseca Yuandong Tian

Latent Action Monte Carlo Tree Search Experiment Results

1. Partitioning 1d sin(x) using LA-MCTS

The range of x for sampling on leftmost node

1. Learning and Splitting

Task: Neural Architecture Search
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(e) Ant, #params = 888 (f) Humanoid, #params = 6392



